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Abstract: The existing seam carving tamper detection algorithms have the problems of low detection accuracy and weak
robustness for the case of low scaling factor. A seam carving tamper detection algorithm integrated with hybrid attention
mechanism is proposed. Firstly, BayarConv2D constrained convolution is used to preprocess the image, fully learn the
noise characteristics of the image, and fuse the features with RGB image through matrix multiplication. Then, ResNet is
used as the backbone network for feature learning, and the residual propagation and residual feedback mechanisms are in-
troduced to highlight the operation traces of seam carving. Finally, the hybrid attention mechanism is used to simultane-
ously extract the features between adjacent locations and channels to better capture the global features, and then input
them into the full connection layer to achieve classification. The experimental results show that on the BOSSBase1.01 da-
taset, when the scaling factor is 1% and 9%, the detection accuracy of the proposed method reaches 89.48% and 97.94%
respectively, which is better than existing mainstream methods. At the same time, it has lower computational complexity
and better robustness, and can resist JPEG compression attacks.
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QF50  66.55% 71.42% 80.34% 82.13% 83.29% 86.61% 87.46% 88.51% 89.72% 90.12% 91.23% 92.16%  93.42%  93.98%
5 UCID BRSNS AERRE
EAEITE S 1% 2% 3% 4% 5% 6% 7% 8% 9% 10% 20% 30% 40% 50%
UCID  85.47% 87.63% 90.25% 91.49% 92.66% 93.29% 93.84% 94.53% 95.14% 95.69% 96.72% 98.53% 99.34%  99.81%
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6 TIHEGHIBEMNRNERE

HnsE 1% 2% 3% 4% 5% 6% 7% 8% 9% 10%  20%  30%  40%  50%

ARG EIRESE  83.91% 86.24% 88.59% 89.32% 91.18% 91.83% 92.55% 93.36% 93.92% 94.70% 96.16% 97.83% 98.91% 99.67%
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2], RIRR AR AU [F] I 4 U &5 A7 B A8
T8 2 A BRI, B AR RIS N 21 32 2 kAT
Ho SCHGUER: AR I I 28 15 A0 B 1R 1A
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